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ABSTRACT
Aim: To construct a simple screening tool for predicting diabetic kidney disease
in Chinese patients with type 2 diabetes.
Materials and Methods: In the development cohort, the clinical and procedural
characteristics of the 4,795 patients were considered as candidate univariate
predictors of diabetic kidney disease. The β-coefficients derived from a multiple
logistic regression model predicting the presence of DKD were used to calculate the
risk score. The performance of the risk score was validated in a cross-sectional and
a prospective cohort population.
Results: The risk score included sex, body mass index, systolic blood pressure,
and duration of diabetes. The total point ranged from 0 to 39. In the development
cohort, compared with participants with risk score < 10, those with risk score between
10 to 20, 21 to 30, and > 30 had ORs of 3.21, 7.92 and 17.55 for developing diabetic
kidney disease, respectively. In the prospective cohort, 60.9% patients with risk score
over 30 were expected to develop DKD at 72 months of follow-up.
Conclusions: Sex, body mass index, systolic blood pressure, and duration of
diabetes were independent predictors of diabetic kidney disease, and the derived risk
equation was a simple screening tool for screening diabetic kidney disease in Chinese
patients with type 2 diabetes.

INTRODUCTION

of medical care. As a result of the limitation of economic
and medical conditions in remote areas, it is impossible
for every diabetic patient to screen for DKD, which needs
to check fundus and microalbuminuria. Screening DKD
on those patients with high-risk of DKD can reduce cost,
improve screening efficiency, and improve the efficiency
of the health economics. However, practical, readily
applicable methods to assess the DKD risk in patients with
type 2 diabetes have not been specifically developed.
Risk score developed based on demographic,
anthropometric, and clinical information without a
laboratory test has proven useful and inexpensive as
a stepwise screening strategy for undiagnosed type 2
diabetes [4–7]. This approach is particularly useful in
China, considering the large population and already high

Diabetic kidney disease (DKD) is a major complication
of diabetes and is the leading cause of end-stage renal
failure (ESRD) worldwide [1]. One study projected that
113.9 million persons in China are affected by diabetes [2].
Extrapolations from cross-sectional studies have found that
micro- or macroalbuminuria affects up to 60% of Asian
patients, and it is possible that some 68 million persons with
diabetes in China have DKD [3], which places a tremendous
burden on the healthcare system. Early detection of and
intervention in DKD may reduce exposure to long-term
kidney dysfunction and prevent or delay ESRD.
China, a developing country, has lots of remote areas
which economic development is less developed and lacks
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and still increasing prevalence of undiagnosed DKD.
Thus, a simple risk score for DKD screening in Chinese
patients with type 2 diabetes is urgently needed.
This study developed a non-laboratory based risk
score according to the definition of DKD which released
by the National Kidney Foundation and Kidney disease
Outcomes Quality Initiative (NKF-KDOQI) [8], in a
cross-sectional cohort and further validated in a crosssectional and a prospective cohort.

blood glucose, HbA1c, insulin, C-peptide, electrolytes,
and lipid profiles. Participants were asked to provide 24hour urine samples. A maximum of three 24-hour urine
samples were collected from each patient to detect urinary
protein. Glomerular filtration rate (GFR) was calculated
using the Modification of Diet in Renal Disease equation.
Fundus photography was performed by experienced
physician. All subjects underwent standard clinical and
laboratory evaluations.

MATERIALS AND METHODS

Risk score development

Study design and population
All patients were recruited from the inpatient
clinic of the Shanghai Clinical Center for Diabetes in
Shanghai Sixth People’s Hospital (Shanghai, China).
They completed a uniform questionnaire containing of
questions about their histories of current and previous
illnesses and medical treatment. Exclusion criteria were
cancer, severe psychiatric disturbance, chronic kidney
disease, pregnancy, and glucocorticoid treatment. Type 2
diabetes was diagnosed based on the American Diabetes
Association guidelines (2006). Diabetic kidney disease
was diagnosed according to the criteria of the NKFKDOQI (2007) [4]. After excluding 368 individuals with
missing demographic data, 569 with missing urinary
protein data, 145 without fundus photography, and 23 aged
< 18 years, 9,280 patients were enrolled in the study. A
total of 4,795 participants recruited from February 2005 to
November 2010 were included in the development cohort,
3,515 patients enrolled from January 2011 to April 2015
were included in validation 1, and 970 patients with type
2 diabetes mellitus without DKD who were hospitalized
at least twice were recruited for validation 2 (Figure 1). In
validation 2 population, the first and last hospitalization
information was used for analysis (median observation
period 2.7 years, interquartile range 1.6–4.2 years).
All studies were approved by the Ethics Committee of
Shanghai Jiao Tong University Affiliated Sixth People’s
Hospital, and informed consent was obtained from all
participants.
The demographic and clinical data of the subjects
were recorded, including age, sex, diabetes duration,
height, weight, waist circumference, waist circumference,
systolic blood pressure (SBP), diastolic blood pressure
(DBP). Weight was measured in kilograms and height in
meters. The body mass index (BMI) was calculated as
weight in kilograms divided by height in meters squared.
Waist and hip circumference was measured in centimeter.
The waist and hip ratio (WHR) was calculated as waist
circumference divided by hip circumference. SBP and
DBP were recorded at 1-minute intervals after a minimum
of 5 minutes rest and calculated as the mean of the last
two of three measurements. Venous blood samples were
collected in the morning after an overnight fast to measure
www.impactjournals.com/oncotarget
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The risk score development dataset was initially
used to identify univariate associations between the
baseline clinical and key procedural characteristics and
DKD. Multivariate logistic regression analysis was then
performed to identify independent predictors of DKD
and to estimate odds ratios (ORs). Risk factors that were
significant in the univariate analyses were available for
selection in the final model; a bootstrap method was used
to select the best subset of risk factors to avoid over-fitting
the data. From the development dataset, 1000 bootstrap
samples were selected. For each sample, a stepwise
selection procedure was used to choose independent
predictors of DKD. Variables that were selected in at
least 90% of the bootstrap models were included in the
final multivariate models. All candidate risk factors
were categorized. The DKD Risk Score was derived by
multiplying the β-coefficients of the significant variables by
10 and rounding to the nearest integer. The final risk score
represented the sum of the integer coefficients. According
to the final risk score quartile, patients were categorized
into relatively low, moderate, high, and very high groups.
The Hosmer–Lemeshow test was used to investigate how
close the prevalence predicted by the multivariate model
was to the observed prevalence. The difference was
considered non-significant at P > 0.05. The optimal cutoff
point was identified using the Youden index, which was
at the maximum sum of the sensitivity and specificity –1.

Risk score validation
The DKD Risk Score developed from the
exploratory population was externally validated in two
cohorts: a cross-sectional cohort (validation 1) and a
prospective cohort (validation 2). In validation 1, we used
the developed risk score to calculate the total score of each
subject, and then predicted the probability of incidence
of DKD by regression analysis. The predicted incidence
of DKD and the actual incidence of DKD were used to
construct the receiver operating characteristic (ROC)
curve. The ROC curve was obtained by plotting sensitivity
against (1 – specificity) at each cutoff value. Diagnostic
accuracy was assessed by the area under the curve (AUC).
In validation 2, type 2 diabetic patients without DKD were
recruited. Baseline variables were used to calculate the
Oncotarget

total score according to the developed risk score; however,
follow-up DKD incidence instead of baseline data was
used to calculate the area under ROC curve. C statistics
were used to compare the AUCs. The difference between
AUCs was examined using the Mann–Whitney U-test.
To validate the predictive power of the risk
score, patients from validation 2 were classified by risk
stratification, and Kaplan–Meier curves were generated.
Differences between two groups were assessed using the
log-rank test. The statistical analysis was performed using
SPSS 21.0 (SPSS, Chicago, IL).

men compared with the validation 1 population (Table 1).
In the development dataset, the DKD group was more
obese and had a higher blood glucose level, more severe
hypertension, and a higher proportion of males than the
non-DKD group (Table 2).

Generation of DKD risk score
The purpose of this study was to explore a
risk score model that predicts DKD in Chinese type
2 diabetic patients as simply as possible. Although
univariate analyses showed that many variables were
significantly associated with DKD, including demographic
characteristics (male gender), obesity-related indicators
(BMI, WHR, and hyperlipidemia), glycemia control
(fasting plasma glucose, fasting C peptide, and HbA1c),
hypertension, and duration of diabetes, we used only
variables that can could be measured or obtained easily
for further analysis.
In the multivariate logistic regression analysis,
male sex, BMI, systolic blood pressure, and duration

RESULTS
Characteristics of the study population
The development population had better glycemic
control and a longer duration of diabetes compared
with the validation 1 and validation 2 samples. The
development and validation 2 populations had a lower
blood lipid level, higher GFR, and lower proportion of

Figure 1: Flow diagram of recruitment of participants. GDM = gestational diabetes mellitus, DKD = diabetic kidney disease.
www.impactjournals.com/oncotarget
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Table 1: Baseline characteristics of participants in the development population, validation 1 and
validation 2
Development population

Validation 1

Validation 2a

N (male%)
4795 (56.2)
3515 (51.0)
970 (55.4)
Age (years)
59.4 ± 12.3
59.5 ± 12.4
58.2 ± 12.3
2
BMI (kg/m )
25.1 ± 3.6
25.0 ± 3.5
25.2 ± 3.5
WHR
0.93 ± 0.07
0.92 ± 0.06
0.92 ± 0.07
Systolic blood pressure (mmHg)
132.5 ± 16.8
132.2 ± 17.6
130.3 ± 16.0
Diastolic blood pressure (mmHg)
79.8 ± 9.4
80.0 ± 9.6
79.7 ± 9.4
FPG (mmol/L)
7.9 ± 2.8
8.4 ± 2.9
8.4 ± 2.9
2-h PG (mmol/L)
12.8 ± 4.4
14.0 ± 5.1
13.8 ± 4.6
HbA1c (%) (mmol/mol)
8.6 ± 2.0 (70.5 ± 21.9 )
9.1 ± 2.3 (80.0 ± 25.1) 8.9 ± 2.5 (73.8 ± 27.3)
TG (mmol/L)
1.74 ± 1.60
1.92 ± 1.87
1.91 ± 1.79
TC (mmol/L)
4.71 ± 1.18
4.77 ± 1.14
4.71 ± 1.06
Family history of diabetes (%)
54.1
/
54.8
Duration of diabetes (years)
10.2 ± 7.2
7.9 ± 6.8
8.2 ± 6.6
ACR (mg/mmol)
264 ± 822
127 ± 540
98 ± 213
GFR (ml/min)
94.8 ± 24.9
89.1 ± 32.1
97.1 ± 24.4
DKD (%)
12.3
13.6
10.1b
a
b
Data are mean ± SD or n (%), unless otherwise indicated. Baseline characteristics unless otherwise indicated. Follow-up data.

Table 2: Comprasion of non-DKD group and DKD group in development population
N (male%)
Age (years)
BMI (kg/m2)
WHR
Systolic blood pressure (mmHg)
Diastolic blood pressure (mmHg)
FPG (mmol/L)
2-h PG (mmol/L)
HbA1c (%) (mmol/mol)
TG (mmol/L)
TC (mmol/L)
Family history of diabetes (%)
Duration of diabetes (years)
ACR (mg/mmol)
GFR (ml/min)

Non-DKD

DKD

P

4416 (55.7%)
59.3 ± 12.5
25.0 ± 3.6
0.93 ± 0.07
131.0 ± 15.8
79.3 ± 9.0
7.9 ± 2.8
12.7 ± 4.3
8.5 ± 2.1 (69.4 ± 23.0)
1.67 ± 1.47
4.66 ± 1.13
53.8
9.6 ± 7.0
38.5 ± 85.2
96.6 ± 24.1

643 (60.3%)
60.0 ± 11.3
26.1 ± 3.7
0.95 ± 0.06
142.6 ± 19.5
83.4 ± 11.2
8.3 ± 3.2
12.8 ± 4.8
8.9 ± 2.1(73.8 ± 23.0)
2.25 ± 2.20
5.09 ± 1.42
56.5
12.4 ± 7.1
1280 ± 1492.2
82.7 ± 27.1

< 0.001
0.384
< 0.001
< 0.001
< 0.001
< 0.001
0.012
0.619
< 0.001
< 0.001
< 0.001
0.086
< 0.001
< 0.001
< 0.001

of diabetes were independently significantly associated
with the presence of DKD. The Hosmer–Lemeshow test
showed that the predicted prevalence of DKD in type 2
diabetes patients in the multivariable model matched
the observed prevalence well (x2 = 9.379, P = 0.310).
The risk score was developed based on the multivariate
model (Table 3). The point total ranged from 0 to 39. The
www.impactjournals.com/oncotarget

AUC of the ROC curve was 0.713 (95% CI 0.692–0.734)
in the development population. Based on the obtained
frequencies of DKD using different risk scores, the 4,795
patients were further categorized into four groups: low
(n = 484), moderate (n = 1,666), high (n = 1,888), and
very high (n = 721) risk groups, corresponding to risk
scores of < 10, 10–20, 21–30, and > 30, respectively. The
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Table 3: Odds ratio (95% CI) and β-coefficient for prevalence of DKD in the 4,795 participants
of the development population, estimated using logistic regression analysis
β-Coefficient
Sex
Women
Men
BMI (kg/m2)
< 25
25–27.99
≥ 28
Systolic blood pressure (mmHg)
< 120
120–129
130–139
≥ 140
Duration of diabetes (years)
<5
5–9.9
10–14.9
≥ 15

0.525

0.322
0.602

0.626
0.970
1.732

0.322
0.794
1.074

OR (95% CI)

Score

1.690 (1.406–2.032)

0
5

1.380 (1.124–1.695)
1.825 (1.459–2.283)

0
3
6

1.870 (1.190–2.939)
2.638 (1.696–4.102)
5.651 (3.705–8.617)

0
6
10
17

1.380 (1.014–1.878)
2.211 (1.668–2.932)
2.928 (2.230–3.845)

0
3
8
11

incidences of DKD in those four groups were 2.1, 6.7,
15.2, and 28.4%, respectively (Figure 2A). Compared with
participants in low group, those with in moderate, high and
very high groups had ORs of 3.21 (95% CI 1.76–5.88),
7.92 (4.41–14.22) and 17.55 (9.68–31.80) for developing
DKD, respectively (P < 0.001).
According to the Youden index, the optimal cutoff
risk score was 20. At the cutoff point ≥ 20, the sensitivity
and specificity of the DKD Risk Score were 80.3% and
49.0%, respectively. The positive and predictive values
were 16.1% and 96.5%, respectively.

the very –high group throughout the trial, 16.2% would
be expected to develop DKD within 36 months). For
patients in low, moderate and high group, 0, 2.1, and 6.9%
developed DKD, respectively. At 72 months, 5.9, 16.4,
23.6 and 60.9% were expected to develop DKD in low,
moderate, high and very high group, respectively.
In total, 1685 (47.9%) individuals in validation
1 and 462 (47.6%) in validation 2 had a risk score ≥
20 points. At the cutoff point ≥ 20, the sensitivity and
specificity were 76.0 and 56.6% in validation 1 and 71.2
and 55.0% in validation 2, respectively.

Validation of DKD risk score

DISCUSSION

The AUCs of the Chinese DKD Risk Score
for detecting the prevalence of DKD in patients with
type 2 diabetes based on validation 1 and validation 2
were 0.720 (95% CI 0.696–0.744) and 0.696 (0.632–
0.760), respectively. No significant differences were
found between the ROC area of the development and the
validation cohorts (U = 0.43, P = 0.667) (Figure 2B).
Figure 2C shows the Kaplan–Meier curves for DKD
grouped by risk score. Compared with the low-risk group,
high and very high groups had significantly higher hazard
ratios. Compared with patients with risk score < 20, the
risk of developing DKD in patients with risk score ≥ 20
increased 11.4-fold. Time-varying covariate analyses
showed that at 36 months, approximately 16.2% of the
patients in the very-high group had developed DKD (i.e.,
for a hypothetical cohort of patients who remained in

This study proposed a DKD Risk Score based on
four readily available variables and showed that a higher
score confers an exponentially increased DKD risk. The
performance of the Chinese DKD Risk Score is adequate
for detecting and predicting DKD in Chinese type 2
diabetic patients.
Several risk factors for predicting [9–15] or
detecting [16–20] DKD in type 2 diabetes have been
identified; most of these were derived from Caucasian
populations [9, 14, 20], and only a few have been based
on Asian populations [15, 18]. The common independent
risk factors are blood pressure and renin-angiotensinaldosterone system inhibitor use, glycemic control, and
anthropometric and laboratory indicators of obesity. In
our study, independent risk factors for the development
of DKD were male gender, hypertension, obesity, and
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increased duration of diabetes, demonstrating that these
traditional risk factors are important in patients with DKD.
Among the four risk factors, SBP was the most
powerful baseline risk factor for detecting of DKD.
Hypertensive individuals had a 5.651-fold increase in the
risk of developing DKD in this study. Consistent with our
finding, the central importance of blood pressure as a risk
factor for both albuminuria and renal impairment in type 2
diabetes has been well documented in observational studies
[12, 17]. Control of hypertension is of primary importance
in patients with diabetic nephropathy. Antihypertensive
drugs, such as angiotensin-converting enzyme inhibitors
and angiotensin receptor blockers have been documented to
delay the progression of DKD by preventing the incidence
of albuminuria, reducing the microalbuminuria level, and
preserving renal function [21–24].
After blood pressure, the duration of diabetes was
the second most powerful risk factor for DKD in type 2
diabetic patients in our study. Compared with participants
with a duration of diabetes < 5 years, those with a duration
of diabetes ≥ 15 years had an OR of 2.928 for developing
DKD. A previous study also reported that the duration
of diabetes were risk factors for overt nephropathy and
microalbuminuria in urban Asian Indians [19]. In the

ADVANCE trial, diabetes duration was associated with
the risk of microvascular events (1.28 [1.23–1.33]) in
11,140 patients with type 2 diabetes [25].
Male gender has been associated with the
development of nephropathy in diabetes in many studies.
In our study, males had a higher frequency in the total
sample, but the frequency was the highest in the DKD
group, accounting for 63.3% of the development cohort. In
a prospective observational study involving 176 patients
with type 2 diabetes, Gall et al. [11] found that males had
a 2.6 times greater risk of developing incipient or overt
nephropathy.
The prevalence of obesity has risen to epidemic
proportions and continues to be a major health problem
worldwide [26]. There are clear associations between BMI
and visceral obesity and renal dysfunction. Data from our
study demonstrated a 1.825-fold increase in the odds
of developing DKD in subjects with a high BMI (≥ 28
kg/m2) compared with those with normal weight. Many
studies suggest that obesity is a risk factor for ESRD and
chronic kidney disease (CKD). In a cohort of over 11,000
apparently healthy men followed for 14 years, a higher
baseline BMI was associated with an increased risk of
incident CKD. Compared with participants with a BMI <

Figure 2: (A) Prevalence of DKD in four risk groups stratified by risk score in the development population. (B) Receiver operating

curve (ROC) for the development, validation 1 and validation 2 cohorts. The AUC of development, validation1 and validation 2 were
0.713(0.692–0.734), 0.720 (0.696–0.744) and 0.696(0.632–0.760), respectively. Difference between the curves for DKD was not significant
(U = 0.43, P = 0.667). (C) Kaplan-Meier curve of DKD end point for each risk group. Moderate group: HR 2.04 (95% confidence interval
[CI] 0.76 to 5.46), P = 0.23. High group: HR 3.97 (95% CI 1.90 to 8.33), P = 0.01. Very high group: Hazard ratio (HR) 11.37 (95% CI 4.76
to 27.19), P < 0.0001. Low risk group: Reference.
www.impactjournals.com/oncotarget
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22.7 kg/m2, those with a BMI > 26.6 kg/m2 had an OR
of 1.45 for developing CKD, and those who experienced
a BMI increase of > 10% had an increased risk of CKD
(OR = 1.27) [27].
Our findings emphasize the importance of SBP,
BMI, and an increased duration of diabetes for predicting
the development of DKD in male type 2 diabetic
patients. Compared with previous studies, we weighed
these risk factors and calculated the cumulative risk
due to their combination. The DKD Risk Score had
good discriminative power with an AUC of 0.713 in the
development population, 0.720 in the validation 1 sample,
and 0.696 in the validation 2 sample. No significant
differences were found between the ROC area of the
development and the validation cohorts, which represented
that the risk score was available for not only detecting
but also predicting DKD in type 2 diabetic patients.
Furthermore, by calculating risk score, it was easy to
distinguish high-risk patients from other populations. In
the development cohort, compared with participants in low
risk group, those in moderate, high and very high groups
had 3.21, 7.92 and 17.55-fold increase in the odds of
developing DKD, respectively. In the prospective cohort,
compared with patients with risk score ≤ 20, the risk of
developing DKD in patients with risk score > 20 increased
11.4-fold and 60.9 % patients in very high risk group was
expected to develop DKD at 72 months of follow-up.
Importantly, our DKD Risk Score does not include a
variable that requires blood sampling and can be used by
all healthcare providers, including those in remote areas
with scarce medical resources, to increase the ability to
screen DKD in type 2 diabetes patients. For people who
can measure blood pressure at home, the risk score can
also be determined by lay populations. Furthermore,
this proposed simple risk score for DKD allows for
immediate identification of the variables of interest
and the identification of high-risk populations. This is
particularly important because DKD is seldom reversible,
and appropriate, timely treatment including medication
and life-style interventions would delay the progress of
the disease and reduce the personal and national financial
burden, which are important and meaningful.
This study has several limitations. First, previous
studies showed that smoking was a risk factor for DKD
[28–29], however, since the data on smoking in this study
was incomplete, we wasn’t able to analyze the effect of
smoking on DKD. Second, the sample size was moderate,
and the observation period was not long. Third, patients
with type 2 diabetes mellitus were recruited from a
single hospital, and the cohort was clinic-based rather
than population-based. Therefore, our cohort may not be
fully representative, and care should be taken when the
risk score is used in other Chinese diabetic populations.
Fourth, most existing risk scores performed better in their
original population than in other validation populations,
implying that a race- or country-specific risk score is
www.impactjournals.com/oncotarget

needed. In the current study, the Chinese DKD Risk
Score was validated in two Chinese populations living
in Shanghai; in view of the considerable diversity of the
Chinese population, further validation is essential before
our results can be put to clinical use. Fifth, the Chinese
DKD Risk Score had a low specificity at the optimal cutoff
value. However, the sensitivity and specificity trade off
with each other. The choice of a cutoff value depends on
the purpose of applying the risk score. As an effective,
inexpensive health-promotion tool instead of a diagnostic
test, the risk score can reach a large lay population quickly
via the media, Internet, and primary care clinics. As a
consequence of the widespread use of this risk score,
public awareness of DKD and the factors that bear on the
risk score should be increased significantly. From a public
health perspective, a high sensitivity is desired.
In conclusion, despite these limitations, based
on data from a cross-sectional cohort of Chinese type
2 diabetic patients with DKD, we developed a simple
risk score including gender, SBP, BMI, and duration of
diabetes for predicting DKD with high accuracy. Given
the rising burdens of type 2 diabetes and DKD, especially
among Asian populations, including the Chinese,
validation of the equation in other populations could make
an important contribution to public health.

Author contributions
HBC and WPJ designed the research, MW analyzed
the data and MW and JXL wrote the manuscript.
All authors were involved in the acquisition and/or
interpretation of the data, critically revised the manuscript
for important intellectual content and gave their final
approval to the version to be published. H.B.C. and W.P.J.
are the guarantors of this work and, as such, had full
access to all the data in the study and take responsibility
for the integrity of the data and the accuracy of the data
analysis.

ACKNOWLEDGMENTS
The authors thank all team members and participants
from Shanghai Jiaotong University Affiliated Sixth
People’s Hospital.

CONFLICTS OF INTEREST
None.

FUNDING
This work was supported by the grants of National
Natural Science Foundation of China #81670737, and
Xuhui District Medical Science and Technology Project
#SHXH201649 to HB Chen.
102556

Oncotarget

REFERENCES

diabetes patients: a 12 years observational study. Indian J
Med Res. 2012; 136:46–53.

1. Iseki K, Ikemiya Y, Iseki C, Takishita S. Proteinuria and
the risk of developing end-stage renal disease. Kidney
Int. 2003; 63:1468–74. https://doi.org/10.1046/j.15231755.2003.00868.x.

14. Adler AI, Stevens RJ, Manley SE, Bilous RW, Cull CA,
Holman RR, UKPDS Study Group. Development and
progression of nephropathy in type 2 diabetes: the United
Kingdom Prospective Diabetes Study (UKPDS 64). Kidney
Int. 2003; 63:225–32. https://doi.org/10.1046/j.15231755.2003.00712.x.

2. Xu Y, Wang L, He J, Bi Y, Li M, Wang T, Wang L, Jiang
Y, Dai M, Lu J, Xu M, Li Y, Hu N, et al. Prevalence and
control of diabetes in Chinese adults. JAMA. 2013;
310:948–59. https://doi.org/10.1001/jama.2013.168118.

15. Park JY, Kim HK, Chung YE, Kim SW, Hong SK, Lee KU.
Incidence and determinants of microalbuminuria in Koreans
with type 2 diabetes. Diabetes Care. 1998; 21:530–4.

3. Li P, Chen Y, Liu J, Hong J, Deng Y, Yang F, Jin X, Gao J,
Li J, Fang H, Liu G, Shi L, Du J, et al. Efficacy and safety
of tangshen formula on patients with type 2 diabetic kidney
disease: a multicenter double-blinded randomized placebocontrolled trial. PLoS One. 2015; 10:e0126027. https://doi.
org/10.1371/journal.pone.0126027.

16. Al-Rubeaan K, Youssef AM, Subhani SN, Ahmad NA,
Al-Sharqawi AH, Al-Mutlaq HM, David SK, Al-Naqeb
D. Diabetic nephropathy and its risk factors in a society
with a type 2 diabetes epidemic: a Saudi National Diabetes
Registry-based study. PLoS One. 2014; 9:e88956. https://
doi.org/10.1371/journal.pone.0088956.

4. Baan CA, Ruige JB, Stolk RP, Witteman JC, Dekker JM,
Heine RJ, Feskens EJ. Performance of a predictive model
to identify undiagnosed diabetes in a health care setting.
Diabetes Care. 1999; 22:213–9.

17. Mogensen CE. Microalbuminuria, blood pressure and
diabetic renal disease: origin and development of ideas.
Diabetologia. 1999; 42:263–85. https://doi.org/10.1007/
s001250051151.

5. Griffin SJ, Little PS, Hales CN, Kinmonth AL, Wareham
NJ. Diabetes risk score: towards earlier detection of type 2
diabetes in general practice. Diabetes Metab Res Rev. 2000;
16:164–71.

18. Tseng CH. Correlation of uric acid and urinary albumin
excretion rate in patients with type 2 diabetes mellitus
in Taiwan. Kidney Int. 2005; 68:796–801. https://doi.
org/10.1111/j.1523-1755.2005.00459.x.

6. Rolka DB, Narayan KM, Thompson TJ, Goldman D,
Lindenmayer J, Alich K, Bacall D, Benjamin EM, Lamb B,
Stuart DO, Engelgau MM. Performance of recommended
screening tests for undiagnosed diabetes and dysglycemia.
Diabetes Care. 2001; 24:1899–903.

19. Unnikrishnan RI, Rema M, Pradeepa R, Deepa M,
Shanthirani CS, Deepa R, Mohan V. Prevalence and risk
factors of diabetic nephropathy in an urban South Indian
population: the Chennai Urban Rural Epidemiology Study
(CURES 45). Diabetes Care. 2007; 30:2019–24. https://doi.
org/10.2337/dc06-2554.

7. Lindstrom J, Tuomilehto J. The diabetes risk score: a
practical tool to predict type 2 diabetes risk. Diabetes Care.
2003; 26:725–31.

20. Hall ME, do Carmo JM, da Silva AA, Juncos LA, Wang Z,
Hall JE. Obesity, hypertension, and chronic kidney disease.
Int J Nephrol Renovasc Dis. 2014; 7:75–88. https://doi.
org/10.2147/IJNRD.S39739.

8. KDOQI. KDOQI Clinical Practice Guidelines and Clinical
Practice Recommendations for Diabetes and Chronic
Kidney Disease. Am J Kidney Dis. 2007; 49:12–154.
https://doi.org/10.1053/j.ajkd.2006.12.005.

21. Ruggenenti P, Fassi A, Ilieva AP, Bruno S, Iliev IP,
Brusegan V, Rubis N, Gherardi G, Arnoldi F, Ganeva M,
Ene-Iordache B, Gaspari F, Perna A, et al. Preventing
microalbuminuria in type 2 diabetes. N Engl J Med. 2004;
351:1941–51. https://doi.org/10.1056/NEJMoa042167.

9. Retnakaran R, Cull CA, Thorne KI, Adler AI, Holman RR,
UKPDS Study Group. Risk factors for renal dysfunction in
type 2 diabetes: U.K. Prospective Diabetes Study 74. Diabetes.
2006; 55:1832–9. https://doi.org/10.2337/db05-1620.
10. Earle K, Viberti GC. Familial, hemodynamic and metabolic
factors in the predisposition to diabetic kidney disease.
Kidney Int. 1994; 45:434–7.

22. Haller H, Ito S, Izzo JL Jr, Januszewicz A, Katayama S,
Menne J, Mimran A, Rabelink TJ, Ritz E, Ruilope LM,
Rump LC, Viberti G, ROADMAP Trial Investigators.
Olmesartan for the delay or prevention of microalbuminuria
in type 2 diabetes. N Engl J Med. 2011; 364:907–17. https://
doi.org/10.1056/NEJMoa1007994.

11. Gall MA, Hougaard P, Borch-Johnsen K, Parving HH. Risk
factors for development of incipient and overt diabetic
nephropathy in patients with non-insulin dependent diabetes
mellitus: prospective, observational study. BMJ. 1997;
314:783–8.
12. Ravid M, Brosh D, Ravid-Safran D, Levy Z, Rachmani
R. Main risk factors for nephropathy in type 2 diabetes
mellitus are plasma cholesterol levels, mean blood pressure,
and hyperglycemia. Arch Intern Med. 1998; 158:998–1004.

23. Parving HH, Lehnert H, Brochner-Mortensen J, Gomis
R, Andersen S, Arner P, Irbesartan in Patients with Type
2 Diabetes and Microalbuminuria Study Group. The effect
of irbesartan on the development of diabetic nephropathy
in patients with type 2 diabetes. N Engl J Med. 2001;
345:870–8. https://doi.org/10.1056/NEJMoa011489.

13. Viswanathan V, Tilak P, Kumpatla S. Risk factors associated
with the development of overt nephropathy in type 2

24. Makino H, Haneda M, Babazono T, Moriya T, Ito S,
Iwamoto Y, Kawamori R, Takeuchi M, Katayama S,

www.impactjournals.com/oncotarget

102557

Oncotarget

INNOVATION Study Group. Prevention of transition from
incipient to overt nephropathy with telmisartan in patients
with type 2 diabetes. Diabetes Care. 2007; 30:1577–8.
https://doi.org/10.2337/dc06-1998.

27. Gelber RP, Kurth T, Kausz AT, Manson JE, Buring JE,
Levey AS, Gaziano JM. Association between body
mass index and CKD in apparently healthy men. Am J
Kidney Dis. 2005; 46:871–80. https://doi.org/10.1053/j.
ajkd.2005.08.015.

25. Zoungas S, Woodward M, Li Q, Cooper ME, Hamet P,
Harrap S, Heller S, Marre M, Patel A, Poulter N, Williams
B, Chalmers J, ADVANCE Collaborative Group. Impact of
age, age at diagnosis and duration of diabetes on the risk of
macrovascular and microvascular complications and death
in type 2 diabetes. Diabetologia. 2014; 57:2465–74. https://
doi.org/10.1007/s00125-014-3369-7.

28. Clair C, Cohen MJ, Eichler F, Selby KJ, Rigotti NA.
The Effect of Cigarette Smoking on Diabetic Peripheral
Neuropathy: A Systematic Review and Meta-Analysis.
J Gen Intern Med. 2015; 30:1193–203. https://doi.
org/10.1007/s11606-015-3354-y.
29. Su S, Wang W, Sun T, Ma F, Wang Y, Li J, Xu Z. Smoking
as a risk factor for diabetic nephropathy: a meta-analysis.
Int Urol Nephrol. 2017. https://doi.org/10.1007/s11255017-1638-3.

26. Maric-Bilkan C. Obesity and diabetic kidney disease. Med
Clin North Am. 2013; 97:59–74. https://doi.org/10.1016/j.
mcna.2012.10.010.

www.impactjournals.com/oncotarget

102558

Oncotarget

